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Obstacle Avoidance Path Planning for Irregular Obstacles
JIA Chun-xue LUOQO Qi GONG Yang-yang
(College of Information and Control, Nanjing University of Information Science & Technology, Nanjing 210044, China)
(Jiangsu Engineering Research Center on Meteorological Energy Using and Control, Nanjing 210044, China)
(Collaborative Innovation Center of Atmospheric Environment and Equipment Technology, Nanjing 210044, China)
Abstract The phenomenon of path redundancy and high energy consumption exist in the traditional multi-agent obsta-
cle avoidance algorithms when the shape of the obstacle is considered,and the algorithms are not universal. Therefore,
firstly, the method of automatic recognition convexity was defined to transform the obstacle from irregular to rule. Se
condly, inspired by the idea of sub-target, the path of the agent was transformed into the superposition of multiple lan
ding points of the obstacle after being ruled,so as to ensure the optimization of each path,and then selected the global
optimal path. Finally, MATI.AB was used to simulate, compare and analyze the results of the other two algorithms,and

the feasibility and effectiveness of the algorithm was verified.
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