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Multi-scale Edge Detection in the EMD Domain Using the Adaptive Noise Threshold

ZHENG Ling ZHANG Bin LIN Jie FU Li-chen
(School of Control and Computer Engineering, North China Electric Power University, Beijing 102206, China)

Abstract A multi-scale edge detection in the EMD domain using the median absolute deviation to estimate the noise
threshold was proposed to detect the edges of noisy signals with different signal to noise ratios. The new algorithm first
calculates the slope of the EMD residuals in scales. Second, it eliminates the noise in the slope signal by thresholding, the
noise threshold of which is estimated by the median absolute deviation. At last, it outputs the edge information by the

spatial consistence test, Simulation results show that, the multi-scale edge detection in the EMD domain using the adap-
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tive noise threshold can accurately detect the edges of signals,and suppress the noise.

Keywords Edge detection, Empirical mode composition method, Multi-scale, Median absolute deviation
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