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Abstract
scale text data. Therefore, with the help of LTP platform of Harbin Institute of Technology, based on the word2vec

Using the idea of deep learning, word2vec can automatically learn the essential information of data from large-

model, the processing of the sentence is simplified as a vector in the vector space algorithm,and the similarity of vector
space represents the sentence semantic similarity. In addition, the sentence structure information is added to the sentence
similarity calculation, the algorithm are improved on the special sentence pattern, and the syntax relationship between
words is taken into account. The experimental results show that this method is more accurately to reveal the semantic

relations between sentences, syntactic structure and improved extraction algorithm also solve the problem of computing

the similarity of complex sentences, finally improve the accuracy of the similarity calculation,
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Input sIREREFERIESE -
BRARsLY RERGFENEE

Input s2EEMEEF-
BMANs2A: ARMIFEF -
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In {2]: mod[ ‘"]

Out[2]:

array([ 1.96348739, -3.22663999, -1.07050395, -3.30137491, -1.00502408,
-8.49977663, 1.88756518, 3.00858927, -3.73986673, ©.44330093,
2.5480659 , 2.64186025, -3.4921608 , 2.34468699, -1.50870657,
1.86926556, -0.60056823, -2.03246546, ©.10938193, -0.36421147,
1.30957472, ©.6225121 , -©.73322278, -4.36998224, 2.88574815,
6.48187494, ©0.93793148, -5.35592175, 1.7771734 , -0.4@862322,
5.58561373, -3.42259574, 1.09159851, -1.97557902, ©.74295574,
-0.69552642, 5.43908501, ©.28663436, -2.68257546, ©.81436849,
2.45999813, -2.66704154, 1.0897485 , 1.61564362, 3.24834991,
-9.99515742, -2.97384238, 1.8423636 , -1.78658378, -0.34079382,
1.22549903, -0.73558378, -2.45614815, -1.37319493, 3.93133903,
3.74987578, -1.16028941, 3.06066108, 3.59362125, -0.8168456 ],

dtype=float32)

In [3]: mod[ 'E']

Out(3]:

array([ 1.75676191, -5.85543327, -1.93116081, -2.42097482, ©.6137445 ,
-3.81058645, 3.38029456, -1.65538025, -1.14463854, 1.10332835,
-9.65637976, -8.60611355, 6.51059198, ©.96624947, 1.35560465,
-3.3946383 , ©.66912746, ©.22531117, -0.40936691, 1.869931e3,
5.40843582, 1.08652234, -0.21245304, ©.17234871, -06.82172423,
1.85918331, -0.56214321, -5.42062283, ©.13162704, -1.58285797,
2.95521545, -2.93522763, -0.83332342, ©.22630067, -3.33455324,
2.53835082, -1.02196467, ©.40125895, ©0.37763473, 2.2121942 ,
9.93580669, 2.41509867, -8.83343105, 3.63520765, -3.9358778 ,
5,42568684, 1.61265182, ©.36791575, -0.87318093, -0.7588492 ,
9.95082986, 2.07892203, -0.21925688, -1.57792616, 1.63127053,
3.45935464, 4.45526123, 2.77578497, 1.80010414, -1.76833582],

dtype=float32)

In [4]: mod.similarity( &, 8N’)
Out [4] : ©.16865013777153781
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In [2]: t1

out[2]:

(fe, ['¥’, ', 2, "SBV']],
[1, ['8%', 'v’, @, "HED']],
[2, ['&F&", 'a’, 5, 'ATT']],
(3, ['#", 'u’, 3, 'RAD']],
(4, [ £%F', 'v', 2, 'voB']],
(5, [' ", 'wp', 2, "WP']]]
In [3]: t2

Oout[3]:

((e, ['AE", 'v', 3, "ATT']],
(L[’ /M, 'u', 1, 'RAD']],
(2, [’ - » 'v', @, "HED' ]]J
[3, ['®F', 'v', 3, 'VoB']],
(4, ["° ', 'wp', 3, 'WP']]]
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