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Abstract The similarity based on common scores and full item sets has failed to identify the nearest neighbor recom-
mendation influence, which brings about lower recommend quality and poor scalability. Through non-common rating
items , common score item categories and user visited times, this paper proposed a parallel collaborative filtering algo-
rithm based on user recommendation influence. It computes the user recommended novelty degree and interest coinci-
dence to measure user recommendation influence ability. By adding it to calculate similarity, the algorithm can effectively
restrain the highly recommended users with high similarity,avoid similarity computation on full item sets and improve
the quality of recommendation, Further more, by using MapReduce parallelization, this algorithm has good real-time per-
formance and scalability. The experimental results show that the parallel algorithm is of higher recommendation quality
and better scalability on big data.
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