$un B it A BB %

Vol. 44 No. 9
20179 A COMPUTER SCIENCE 7

Sep. 2017

Rl & B 18] B 3R #0 A PR S 45 M A 1 R i

iR
7~ M 510006)

TiREE

%ﬂ # Iﬁlﬁ‘zlb\
ORI AZFHEEK

B B A4NHAtBaERRERE SR 785 6 KIBR BN M A B IRM, 0 EIR A 2 354, 32 1k &k 4Bt
) B A A PR 6 W B AL ok (CF-TP), I £ 54748 %, «l%)ﬂ}’-‘ﬁﬁlﬁfn\%éﬁ-%%;b)ﬂ}’-iﬁﬁl%%ﬁ
TR, AMARA PRSI RARF RO Y0, EFMNA P AL G GITFS, AL ER P 26 6% Y
JLARE R PR A 6 B AR R E S, A2 & top-N 50 AEAE, KT HetRec2011 F= Movielens1M
BHEAOFRERRA, AN TANRKRATHE L IR ELZERALE RGO LR E FwAh FLIA L HR K MR
T ARRETHEAGORERE.

X BAERL BRTE, WEBAE, AP R, R

mEZESERE TP311 IHERIRE A DOI 10. 11896/, issn. 1002-137X. 2017. 09. 046

Collaborative Filtering Algorithm Incorporating Time Factor and User Preference Properties
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XU Xiao-giang

Abstract To alleviate the impact of data sparsity and overcome the limits of traditional collaborative filtering algo-
rithm, a novel collaborative filtering algorithm(CF-TP) by incorporating time factor and user preference properties was
proposed. A user-item rating matrix is firstly converted to a user-item preference matrix by introducing a preference
model,and this helps to reduce the impact of different users’ rating habits, Then the asymmetric impact between users
is taken into consideration when computing the predicted scores, What’s more important, to further improve the accura-
cy of top-N recommendation, the time weight function considering uses’ dynamic interest changed with time is de-
signed. The experiment results on HetRec2011 and MovieLens1M data set suggest that the proposed algorithm is supe-

rior to other advanced approaches in precision, recall and F1.
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