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Web Citation Frequency Analysis Based on Bradford Law
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Abstract

bout distributing rules of article’s citation frequency, discussed applicability about information law in network space, got

This paper adopted Bradford law and academic papers citation frequency as researched object, researched a-

conclusion that Bradford law is applicable in networks. By adopting district analysis method on CNKI database within
citation frequency about database security, distribution curve of citation frequency was got. Contrasting with Bradford

curve, this paper accomplished curve imitatation and image analysis. This paper pointed out the conclusion that citation

frequency on webometrics follows the Bradford law and Bradford law has certain applicability on network space.
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z=[6 20 40 71 103]
y=[30 61 93 124 156]
hold on
[p2,s2]=polyfit(z, y,2)
p2=—0, 0069 2. 0024 20, 9692
s2=R:[3x3 double]
df:2
normr; 6, 8271
y2=polyval(p2,x);
[p4,s4]=polyfit(x,y,4)
p4 =0, 0000 0. 0000 —0, 0218 2. 7563 14, 2381
s4=R:[5x5 double]
df:0
normr; 6. 0292e—014
yd=rpolyval(p4,x);
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