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High Order Matrix Multiplication by MapReduce Algorithm Based on Hadoop Platform
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Abstract Currently, high-order matrix multiplication using single-node computer causes computational bottlenecks and

even leads the computer to crash for memory overflow. Taking advantage of distributed processing and virtualization

technology from cloud computing, this paper presented a new method of high-order matrix multiplication by MapReduce

based on Hadoop platform. The experimental results show that this algorithm can solve the computational bottlenecks

with respect to high order matrix multiplication matrix and improve computational efficiency accordingly.
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