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Novel Genetic Algorithm for Multi-objective Optimization Problem

HAN Li-xia
(School of Computer Science and Technology,China University of Mining and Technology, Xuzhou 221116, China)

Abstract For multi-objective optimization problems(MOP), a new algorithm was proposed. The nondominated direc-
tion was firstly defined. Then,a new crossover operator and a mutation operator were presented based on the definition,
Finally, the computer simulations on benchmark problems demonstrate that the proposed algorithm is effective and can

find high quality solution set in terms of convergence, diversity,and the distribution of the obtained Pareto optimal solu-
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