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Hybrid Algorithm Based on Monkey Algorithm and Simple Method

CHEN Xin ZHOU Yong-quan
(College of Information Science and Engineering, Guangxi University for Nationalities, Nanning 530006, China)

Abstract In view of the problem that Monkey algorithm cannot acquire solutions exactly in solving global optimization
and spend a lot of time in computation, this paper designed a hybrid algorithm based on monkey algorithm and simple
method which combine with the searching idea of traditional simple method. The algorithm improves the calculation ac-
curacy and speeds up monkey algorithm converge speed in a certain degree. The simulation results show that the im-

proved monkey-simple hybrid algorithm has strong advantage in function testing, The results are more close to the theo-

ry optimal solution.
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8 MA 6. 15e—3 2. 48e—2 1. 49e—2 5. 47e—3
SMMA 4.50e—6 7. 84e—4 2. Tde—4 2. 39e—4
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