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Abstract

Recently, much attention has been paid to concept-lattice-based knowledge discovery methods. In the mean-

while, this topic has attracted many research interests from the communities of formal concept analysis and rough set

theory. Especially,in recent years, some substantial progresses have been made on studying formal decision contexts.

However, the existing knowledge discovery methods are lack of feasibility and effectiveness when they are applied to big

data. Considering that heterogeneity is one of the main characteristics of big data, this paper investigated concept-lattice-

based knowledge discovery methods for heterogeneous data. Specifically, the notion of a heterogeneous formal context

was proposed as well as its corresponding concept lattice, heterogeneous formal contexts were further employed to de-

fine heterogeneous formal decision contexts,and rule acquisition was discussed. Moreover, an algorithm of mining non-

redundant decision rules from a heterogeneous formal decision context was explored.
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