Fa0l H10H

it B O B %

Computer Science Oct 2013

20134 10 A

E T # Fisher |5 84> 228 & % R H 7215 #iR Al B oy i A #F 52

FEW HEE MESX
(BFLAEF¥R AM230037) (AFHARAZBEERLEZE £ 230037
# E GMMJX5 SVM #h A fein S b 48 B A #4569 ZAME , B3t GMM-SVM EEHF A TR S 2488, 0 %
A e GMM-MMI-SVM & & A& RS T AMEF k., 22 SUM EA R WA T N4 A T — 4%
BAFIROE, FEAFERALIBELANRY T RAARARENE-FRG, L2 8, BH—FETH
Fisher #] %] #9 5% J 35— GMM-MMIEIKFD, %8 #9405 %482 M 8 Fisher /& 1l (KFD) # & SVM 2% 1, %
BERBEPRBUBREGETSFF, 558t GMM-MMI 4 £ & 5 GMM-KFD 4 £ B# 7P k414 . Has+ SVM,
KFD # 2 FS T RBEEBSF AR L, HLXHAGRB LT H EEBETARKRMBERIE XL WIE, R IRA
B, RRKEEH,GMM-MMI-KFD 7 i £ &8RN 7 LA £ He R,
@ SR, 4 Fisher #51, 45 % £#4, SVM, GMM-MMI
hEES%E TM344.1 akERIAED A

Vol. 40 No. 10

Novel Classifier Algorithm Based on Kernel Fisher Discriminant and its Application in Language Recognition
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Abstract GMM and SVM have a good complementation on the modeling and recognition performance. Therefore,
GMM-MMI-SVM has become a mainstream research method in language recognition. However, SVM only employs
some special samples in the training samples, i. e. support vector, but doesn’t use all samples. This affects further im~
provement of system’s recognition performance. In order to solve this problem, an novel classification algorithm based
on Kernel Fisher Discriminant(IKFD) was proposed in this paper, called GMM-MMI-KFD, The core idea is the substitu-
tion of SVM with KFD, Extracting eigenvector sequence from voice segment,and then inputing them into GMM-MMI
and GMM-KFD classifiers respectively, which judge them. Compared to SVM, KFD gets more emphasis on the charac-
teristic of nonlinear distribution of voice data. Meanwhile, it can maximize between-class space and minimize within-class

space after the projection of samples onto high-dimensional space. The experimental data shows that the GMM-MMI-

KFD Classifier has higher recognition rate in language recognition,
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