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Abstract The rapid increasing dimensionality of database caused by the recent information explosion greatly impairs
the accuracy and efficiency of On-Line Analytical Processing(OLAP) query models. In this paper, by first applying the
statistical concept “C-Vine” Pair Copula in the study of OLAP query model, an effective solution to the “dimension
curse” of higher dimensional OLAP query models was provided,and a specific parametric estimation method was pro-
posed to extract the data synopsis from the original mass data for those higher dimensional OLAP models. Experimental
results show that compared with existing methods, the proposed Pair Copula-based model can reduce storage space for

data cubes while improving the relatively high query accuracy of OLAP models, and especially it provides a better query
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efficiency for higher dimensional data cubes compared with existing methods,
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