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Abstract

Workloads Allocation)model was proposed to resolve resource deployment problems. Firstly, BWA’s workload monitor

Aiming at the degrading system performance that bursty workloads bring in cloud computing, BWA (Bursty

model is responsible of monitoring the variation of tasks in cloud computing,judging the on-off in real time about bursty
workloads, Next, BWA tries to avoid the appearance of partial hot dots by using new deployment strategy to speed up
the system response. At last, the forecasting algorithm is used to improve response speed by deploying the computing

nodes in advance, The results of simulation in CloudSim prove that using BWA model can obtain better system perfor-

mance,
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#% 1 Estimate bursts’ algorithm

Input
K, a batch of request(K>>0),
Xn » the nth numbers of request. (Xn>>0),
SCV, the squared-coefficient of variation.
n1, the index of dispersion.
nz , the index of ratio.
Estimate the bursts
1. Ic<—calculate I for current batch.
2. Ree—the arrival rate for current batch
3. Rt=the arrival rate for total batch,
4, SCV<-users defined,
5. if(|I.—Io | =>m % SCV)then //Io:the old I for current batch;
6. L (2 > U<
7. {for(Rc,R¢; Re>>Ri;“burst stsrts”, goto 13)
8. else
9. “burst ends”, goto 13}
10. end if}
11, L=I1., “no burst”

12, end if
13. end
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2 2 the high level of the BWA

input

N, the number of available site.

K, the candidate sites(1<{K<<N).

1, the state of system(burst or non burst).

The algorithm of BWA
1. if(detect the start of burst)
2. {set K to Nub;}// Nup is close to Nssuch as Nup=1/2N.
3. set k to Nus3// Nus to be a small value;such as 1
4. end if
5. analysis all sites S;;//1<i<{N
6. select S={S1,Sz,+++,Sk}//select out the best K sites.
7. select S'=uniform(1,K)//under the random measure.
8. submit the job to ',
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