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Research on Software Defect Classification and Analysis

WANG Bin WU Tai-wen HU Pei-pei
(School of Information Science and Engineering, Central South University, Changsha 410083, China)

Abstract Software defect is an inherent component of software products, and how to manage, decrease or prevent de-
fects plays an important role in improving software quality and reducing the cost of projects. This paper introduced soft-
ware defect from two aspects: defect classification and defect analysis, analyzed the advantages and shortcomings of vari-

ous defect classifications,and then summarized the main research directions and methods of defect analysis. Finally, the
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strategy how to select suitable defect research methods was discussed.
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