B0k B

# i OE B ¥

7
20134 7 H Computer Science July 2013

ETZHEBMSHZAABRENEZ

R B &
(BRAF U ENKGHHARAERELLRE @ X 210093)

B E RETAEIAABRS AL B ARGIMIESR, FEE M H S 4 Bk E (Multi-View Detector Sphere,
MVDS) R REMA S R EZ ML RARFTEE, AHE SAANAERANE BAREE T OMA XK, Bk,
FEALA ML B AR ER, SEME NG A2 EE XA BERAARDZ AL FRARDH U RE
FZABA  BEREARAAAAZANNLARADNSFANAS LB ZHWAE, e, S TRAKRNEAAY
BAR, THRSHORG LN ASLXENR BB A FTAGBRMNER. EEADEHBELYEBREREAN TR
Hke AR,

X@E A, B AR, MVDS

hEES S TP39L.4 XHkERIRED A

Novel Framework for Multi-view Object Detection through Combining Multiple Classifiers

YIN Wei-chong LU Tong
(State Key Laboratory for Novel Software Technology, Nanjing University, Nanjing 210093, China)

Abstract

object appearances. Our key insight is to exploit the multi-view detection patterns established by a number of detectors

We proposed a novel framework for detecting generic objects from arbitrary viewpoints described by varied

from different viewpoints and their relationships through the Multi-View Detector Sphere (MVDS), reflecting the un-
derlying intrinsic structure for detecting multi-view objects. We first modeled the annotated objects from different view-
points,and then triangulated the sphere into a number of uniformly distributed meshes to represent the explicit corre-
spondences across view detectors, As a result, multi-view objects from untrained viewpoints can be detected by combi-

ning the outputs of the adjacent view detectors on the sphere. Our experiments on several public datasets give promising
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results for the experimental object classes.
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