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Noise Reduction Algorithm for Texture Images Using Anisotropic Diffusion with Double-regularing Terms
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Abstract Important information, such as textures or edges,is often lost or blurred in the process of smoothing algo-
rithm based on P-M Anisotropic Diffusion. We defined a new diffusivity operator which is used to control the velocity of
the diffusion and proposed a reaction-diffusion equation with double-regularizing terms to overcome this defect, besides,
we analysed and verified the model’ s convergence. The diffusivity operator relies on the change rules of gradient in a
neighborhood to weaken the diffusion intensity in texture or edge regions, Two forcing terms were used to regulate dif-
fusion and maintain edges, boundaries and texture. Experiment results and comparisons show the good performance of

the proposed method for texture and edge preserving in the process of denoising, and demonstrate the proposed algo-

rithm is feasible and applicable,
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