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Recommendation Research Based on Improved URP Model and K Nearest Neighbors

XIA Lirmin  ZHAO Ye-dong PENG Dong-liang ZHANG Wei
(School of Information Science and Engineering, Central South University, Changsha 410075, China)

Abstract The methods used to recommend products suffer from the problems such as cold starting and accurate, To
address these problems, a new recommendation method based on improved URP model and K nearest neighbors was
proposed. Users and items are modeled by improved URP model,and this model can solve the new user problem effec-
tively. The rates predicted are optimized by K nearest neighbors to solve the new item problem. The experimental re-

sults show that the new method has good quality for recommendation.
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