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Abstract In order to improve the storage and parallel processing capabilities of big data, the big data of real time con-
current analytics and management mode were built with the center of column stored Infobright and distributed MySQL
Cluster, to complete to secondary develop of the open source brighthouse engine, The managing procedure Tree-lib was
used to visual monitor, maintain and manage the distributed big data. The results of experiments show the combination
of Infobright and Cluster have the capability of high compression storage and multiple concurrent inquiries and the effi-

cient real time analysis with big data. The Tree-lib accomplishes generation, detection, update, backup and disaster re-
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cover of tree and library. Finally, the purpose of visual bidirectional management and maintenance is achieved.
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