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Diverse Ranking Algorithm Based on Minimal Independent Dominating Set

YIN Jia CHENG Chun-ling ZHOU Jian
(School of Computer Science, Nanjing University of Posts and Telecommunications, Nanjing 210003, China)

Abstract In order to meet the diversified needs and improve the satisfaction of user’s query, the research of the diverse
ranking algorithm has been developed. However, the current diverse ranking algorithm cannot achieve good balance be-
tween diversification and relevance, and the efficiency of query processing cannot fully meet the actual needs of the inter-
action, Thus,a new diverse ranking algorithm based on minimal independent dominating set(MIDS-DR) was proposed.
First, the problem of selecting diversified subset is transformed into the minimal independent dominating set of the undi-
rected weighted graph, so as to balance the diversification and relevance of query results. To speed up the algorithm, the
concept of abandoned subset is introduced to reduce the comparison of distances between redundant vertex pairs during

the solving process. The simulation results show that the proposed algorithm can improve the performance and query ef-

ficiency.
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