BAOE H

[Sa]

# U S

2013 4E 5 Computer Science

ao

May 2013

%4 CS-LBP SUIE45{E AU B B & %

X % ® K OIMRT
(AREIAFHEIMESHARFR W 210094)

BEER
(BREFIHFREESHAZFER BX 210029)°
B E BIEZRZMBEAAMRERNAE AT RZ—, 55T ERTEHRECAMEEDE A5 R48RHS S
4 shrinking bias L, AR A TR ENHH EFRAXIAERHHN M, R Lo EdAt L E. 283
% %A Bl Mean Shift Hk st G #4TRSE . MERBSLB, REA R A5 B.CSLBP KBk FHHANR B
HATREA AR AR, BL AR TRRFIABBYRAXNRELR AERGEN AR, FHEETHEHE
#o shrinking bias % . FRLEREAR AL X ERKERFAHATRS, SHNERE b5,

XA BE,GrabCut, HEES, EREFE, ¥ 545 {EHEX :

hEESHES TP391.4 M EFRIREE A

Fast Image Segmentation Algorithm Combining CS-LBP Texture Features
LIU Yi*? HUANG Bing? SUN Huai-jiang' XIA De-shen'
(School of Computer Science and Technology, Nanjing University of Science and Technology,Nanjing 210094, China)?
(School of Information and Science, Nanjing Audit University, Nanjing 210029, China)?

Abstract Graph cuts algorithm is one of the most effective interactive image segmentation methods, But it is prone to
produce segmentation errors and shrinking bias phenomena when the color of foreground and background is similar and
its interaction efficiency is not high due to pixel-based calculation. To improve these problems, an algorithm combining
CS-LBP texture features was proposed in this paper. First the mean shift algorithm is applied to pre-segment the origi-
nal image into regions to construct region adjacency graph. Then cumulative histogram and CS-LBP texture descriptor
are used to extract color and texture features form each region. A new term of texture constraint is added to the energy
function and local adaptive regularization parameter is used. So the segmentation effect and shrinking bias phenomenon

are improved efficiently, The experiments show that interactivity efficiency and segmentation accuracy are improved,
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