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Mining Fuzzy Association Rules Based on Multi-mutation Particle Swarm Optimization Algorithm

WANG Fei GOU Jin
(College of Computer Science and Technology, Huaqiao University, Xiamen 361021, China)

Abstract To deal with the problem that continuous value in the transaction database are difficult to divide and particle
swarm optimization algorithm is easy to be troubled with local optimal, this paper proposed a framework about multi-
mutation particle swarm optimization algorithm for extracting fuzzy association rules. Firstly, the continuous values are
divided into the fuzzy interval. Then using multi-mutation particle swarm optimization algorithm to mine the fuzzy asso-
ciation rules from the division results. This paper described the fuzzy division method and multi-mutation particle swarm
optimization algorithm’s parameters, framework and others. And it proved the accuracy and efficiency of this method by
comparative analysis in several experiments.
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