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Abstract Recently, topic model is emerging as a new hotspot of research in computer science,and has a wide range of
applications in natural language processing, document classification, information retrieval and so on. The paper mainly
analyzed the Pachinko Allocation Model and its improved models. The improved hierarchical PAM is effective at disco-
vering mixtures of topic hierarchies. Nonparametric PAM has more expressive force for complex structures. It has a

nonparametric Bayesian prior based on a variant of the hierarchical Dirichlet process. The theory and applications of
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PAM and its related topic models were summarized, and finally the future directions were discussed.
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