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Study of Weighted Association Rules Mining Algorithms Based on Timing and Interest Degrees Constraints

YANG Ze-min
(School of Mathematics and Computer Science, Shanxi Datong University, Datong 037009, China)

Abstract In order to solve the problems that the frequent set information mining is not perfect in the association rule

mining algorithm and the timing cycle influences mining of transaction set frequent item,a weighted association rules

mining algorithms based on the timing and interest degrees constraints was proposed. This algorithm firstly uses se-

quential sliding function of the timing affairs set for probability estimation and weight assignment, then sets simplifica-

tion according to the interests of the constraint function and pruning theorem transaction, makes a weighted frequent

transaction set extraction according to the degree of support and support expectations, lastly derives weighted associa-

tion rules based on the confidence. The experimental results show that the algorithm can meet the users requirement in

mining association rules quickly and effectively.
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