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A New Multivariate Decision Tree Algorithm

LIANG Dao-Lei*'* HUANG Guo-Xing' JIN Jian'
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Abstract Decision Tree Algorithm in univariate tests caused large-scale, complex rules that are difficult to understand.
Based on the rough sets theory of attributes reduction, the core of condition attributions and the weighted roughness of
condition attributions, a new multivariate decision tree algorithm is proposed. A example shows in this paper, the deci-

sion tree built by the method is more simple and has better classification result than that of ID3 algorithm,
Keywords Multivariate decision tree, Rough sets, Relative core of attributes, Weighted roughness
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