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Parameter Learning in Bayesian Network under Incomplete Evidence Input
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Abstract

during the course of parameter learning, evidence loss would happen from time to time and therefore slow down the pa-

To Infer in a Bayesian network, parameter learning for a given network node is obviously necessary. But

rameter convergence, influence the accuracy of parameter learning, and even cause no parameter convergence. Aiming
at this question, this paper proposes a parameter model under evidence loss and deduce an EM updating algorithm
which contains learning rate, Compared with the traditional algorithms, both of the converging performance analysis
and simulation testing results show that new algorithm has much quicker convergence rate without degrading the accu-
racy of parameter estimation. New algorithm provides a feasible way to ensure a trusted and efficient Bayesian network
parameter learning under the situation of evidence loss.
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