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Abstract

problem for Fork-Join task graphs. However, the communication between two processing nodes is carried on exclusively

All the complicated scheduling problems in modern parallel systems can be converted to the basic scheduling

in real computation environment, which are normally ignored by most task scheduling algorithms. This paper presentsed
a scheduling algorithm under communication constraints for Fork-Join task graphs. The algorithm provided a duplication
based approach to schedule Fork-Join task graph while introducing the constraints of exclusive communications in reali-
ty. The number of processing nodes was also minimized compared to other scheduling algorithms, The experimental re-

sults show that CCTD is an efficient Fork-Join task graph scheduling algorithm,and fit for a broad range of scheduling

problems,
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