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Separators Introduced BK Inference Algorithm and its Application in Robocup
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Abstract Boyen-Koller(BK) algorithm is the primary algorithm of approximate inference for DBNs, however, more er-
ror is introduced by the artificial division of the network. A new modeling means of cooperation problem in Robocup was
given in this paper based on DBNs by converting the decision-making node into random node. Then a new BK algorithm
introducing conditionally independent separators was presented for decreasing the error of inference, and was used to
solve the problem of two Agent coordination shooting in Robocup. The results of inference experiment implemented on
BK algorithm introducing separators and 1. 5-slice junction tree algorithm show that time performance has improved

significantly in the case that the accuracy loss is relatively low by introducing conditionally independent separators in

BK algorithm.
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