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DPFS: A Text Feature Selection Algorithm Based on Dynamic Programming

REN Yong-gong LIN Nan
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Abstract In the process of the text feature selection, the space dimension of the original characteristics is too high, ex-
cessive calculation, and there is greater irrelevance and redundancy features,a feature selection algorithm based on dy-
namic programming (DPFS) was proposed. First, selecting the feature from the original feature set based on dynamic
programming and the analysis of features’ relevance and classes’ relevance, reserve features that are the strong correla-
tion and the weak correlation; and then, for the feature subset based on dynamic programming,delete features that are
weak correlation and redundant; finally, gaining a similar best features subset. The result of experiment shows that, this

method is effective for reduced data-dimension and reduces the amount of calculation in the course of reduce data-dimen-

sion.
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