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Algorithm of Improved Extremum and Median Value Filter
SUN Shuliang® WANG Shou-jue?

(College of Electronics and Information Engineering, Tongji University, Shanghai 201800, China)!
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Abstract The improved extremum and median (IEM) filter was proposed which is based on the extremum median
(EM) filter. It is improved in two sides. For one thing, in order to reduce the possibility of mistaking the signal pixels
for noise pixels, the more appropriate method is used to detect noise pixels. For another, when noise pixels are more
than half of the total pixels, the standard median filtering algorithm can not resolve it. TEM adapts the improved filte-

ring algorithm to solve it. Experimental results show that when the density of noise is high, the IEM filtering not only

has better performance than EM filtering, but also keeps more details than EM filtering.
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