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Abstract The closed cube is a very efficient technology for the data cube compression in OLAP, but its parallel algo-
rithm is little studied in the literature. This paper presented a solution that is easy to be implemented and applied. It
parallelizes the closed cube construction and the query answering based on the MapReduce framework over low cost

share nothing PC clusters. The experiments show that our approach can rapidly process huge data sets with at least 10

million rows and get pretty good linear speedup. Further, it compresses data cubes much greater.
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