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Abstract With rapid increase of the size and complexity of software system, software development has evolved into a
complex and systematic engineering. The objects, activities and processes in software engineering will to be controlled e-
ven more with difficulty, so the traditional modes, such as treatment with experience and. intuition, are unable to adapt
properly to the new requirements, However, the introduction of data mining techniques can promote the development of
knowledgeable and intelligent software engineering. In the perspective of the data to be mined in software engineering
field, the paper systematically described and summarized the data mining techniques adopted in the activities such as
program code analysis, fault detection, software project management,and open source software (OSS) development., The

comparison analysis about these techniques is also addressed in each section, Furthermore, some on-going research is-

sues in this direction are also discussed in the end.
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Frid 70T (clone code) SR LIE FN H M #E47# I
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cy graph) FER R A BFRBWMIEEREL, BERRE L
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Duplix #1 GPLAG % .

WAk A — 2 iE A B A B ETE CRE| LSLMJT
AT AN CP-Miner™) , BRI BI IR H At i) 2, H
B AR T B IR T B R ERE BT 28 T EE
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T RIESAE B M S, LR E S P — RS
B HE B B W8 P ) AT 0K, AT S35 R B R R R
BIB BRI, B4, 765 SRR F L 05T 72 o o s
] 42 T 4% L R R R R R , (U KA R T A TR A

LB, MES BB REAEERE P HEEENECR.

RGP LRPELAXE - RO FERFHE
WRBALE FR— M ES R, WikER, A LENE
WEMBHATRR, MEMNETRLEREBEREXLETLR.
Dickinson 1 Podgurski & 558t T X B R R AT R K LIRS
R B BAET, BRI N GE T R S IR R BB
HB HRHERNHSTFERETREEED, E. &
AT E B R RS REUR EHE . RBA XS
VA B S B B BEATER R 0040 s 264b3h, Li i Zhou*H 33
PETESEEARMNBF R AL ERARIEEE) #
AR . i g R el

Y] A (program slicing) BB A MR E AR, B
Hip N\ RTEBM KRG LR ENT A GEHRBESTAER
BHPTEE B, M HELL B B il e . BT B SE, TR
TR SR MBI EE T L — 5 % T 4 87 (Bayes
72 Bayes {58 M0 FIBRIRR I 55 , KALE/NT ik
ERNTEE. B—FHEE R RN B2 . AKX
PATBR B HIVETT 5% , TS 3 e B B AR 3 4347 3 T A4k b B 7R
S5R¥BARAETHBRFEAES ., XSREARERAR
il ok S 2 AR AT P AR HE BT B AT M E A R
BIIE 1T 2 [R] B9 25 5 SR AT M S o

IE4h , Renieris #1 Reiss FREE ST FiE 1T 3 MV E 5
MERKEM L, A TETFRESEANBEEMN L, 3F
B THBEE N AEAERY, REEAWS BHITRERA
B RR BB L, B SCT B S0 A R B 0 B R RO B TR
B, A R i i R 5 %ot O A R BB ER T 5 RS T IR RE N
TR, Ren %5 AU91 00| 72 P 358 1k 19 £ B B 7F I8 2 (8]
BB ARG RN A5 ERF R R8T
H,
2.3 BBk

PR R 1 B BB ) 25 1 R 4 R % O P Y B R A 7 TR
W ARG RENEPEPRUARNESR. HEXFE
BIBTIE Al 43 A B RD (B TF BT HEAR, SR RS
PR BENEERTERR (ORETHEER, RETRAR
i TR SRR B W R ) . REBF SRR 5, B 18
ST P 448 K 25 3043 A P T 5 A 7 R e o e 3 Y T i
Rl EsA &R,

(DS B B

L 2 T T e A A R 3 S I B O AR R
MBRESFERRA AR —LBRESEHNER EBRFRR
et BB SEA TR 5 Sh2A 5 B R AR 4B 5 50 BT
FFREE. EE, BETWEERBLBRE T REER
— B2 /N, H Akiyama B  Halstead L #I 1 Linpow
R, By AR ST 5 BARTE B oA MFE A tie 2
Hg s — L T R 22 R AT BRI M B BRI, MR TN
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NHEFEBRRA TRSUR — N IREE. A7ERRE R
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BEMNEERERITE %, X661 — M REHKFER
RGETF R b B 25 AN/NATE ST SR B B L PR
PR R . A\ AN AR B MK R AR
EXREEMIE,

EF ERELATH M EARNEEHS TSNS
HA IR S A AT H AR AR R R E R
W, FEIX 77— OB LR B 5T R s R X R A i R SE A
BRI,
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(DHRMZFRITEE

BUMBMRNESE —RZRE HEMNREEE 3
AEREERNY. XTRERBEMFENZR. EREMEN %
FHEBPRE BB IEA, MRS AR AT B 25
S Y E RN AR AT S5, B, Barry Boehm 7E
X KB B BASE TSI (R A EERE BRE T
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MOIL, i, % E %% Bahsoon M Emmerich ## H T 257 K
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AT, MATTACH A ER {4 50 B A X B BUR € R IR IR
BT LA FHEARRE, L] A8 RFE T & 4 i
R EHREREK ., i1E#F S U T EDSM 9 3 A
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TEREZSHBRRENREEEREER, TR TR
R &S8R ER. Bt AR E h A HRBSE0
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g2 N EREFEDREREES.

(QORMHF R LRITHE
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EMN G IR B R B IO R R eSS, 5
ENEBRH T LT E P RB K EER. Bl BNINESRE
AEREMERESERAFEMLETESNE. EHENREHR
TE P SR TR B 45 o R 4 o e B SL AT LR 4 B B i R
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S0 B ¥R P B sk gt B0  (process-agent) B AR
fif 22 49 Rubin S E A T NGB B RAPIZHEIE R
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4 EEFEREGEENEZHE

FEEMEHRERERSE R, L RER/RRGFITFEAFR
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A BER R FERARR, FEAER AR,
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SIS R 50 % LA b #9304 BB AN LA _E B FF IR IR
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B— I HEHHSME, A TRHIARBEERBRSE5HNARAR
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Wb,  FH BRI EEREBRER R RETRRE
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Bl _E 7B E . ARG RE S P PR
Rt R,HH EEHABEERREETERARHAT T REN
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AEFH BB E AR T EHE AR BERG TEK
BESNPRINAZL, FEET —ERKE . Bl FHRE
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BAREZSEMN ARG T L ERB ERRETE
BB FEARRE. i, (DEEERESLERE L5
BB B SO ; (O BFFEERRE N (B4 E L
BE5S R TSRS X R A R B R Oy ml 4 .
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