F36HE H

Vol. 36 No. 4

iR R %
Apr. 2009

Computer Science

&

2009 4E 4

m

HEEHNE TS B MLP M E KT

1R
(I ASZEETESR £4 214122)°

1% &l,Z
(BEEIAFBFEHEFKR ¥ E 210094)!

B E ALHZASOTARSHBEERDR NCUS EXENERN, ERIAIHERELELEFILIRSE
ANEGHBN ZHAESF P RNEFETAERAT EFLE, XL RE, — MG MLP 2 R &
CATSMLP it ATSMLP A £ 4765 §¥tife B E o MEMN AL A7 kB H, M A CATSMLP £ IRT —& % &
B BRGEHMETRIERE S FHMERAHE, EXALKRIWAFREFTERES - AABLAHBX, £X8
HKAT  EERENERAEU S ERELS LN, ARERTHFTERRBLTH EREHNGER., AL BTAAT
FERFLERE, GARBREAVRAA THRETLEELF A BARFOHLR EFHREA,

RER AR MLP, §4 0, BEMN, T2 %

REZESES TP403 I EMERIRES A

Cascade Adder TS-MLP Algae Pollution Warning
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Abstract  Artificial neural networks, because of their many features and advantages, is now being widely concerned and
used. But there are also artificial neural network learning process into local minimum easy, easy existence of a concu-
ssion and redundant network connections or nodes, and other defects. Against these deficiencies,a new neural network
cascade MLP CATSMLP is better robust and highly explanatory than ATSMLP, and is a panacea for approximation.
And CATSMLP overcomes the general Multi-layer perception network with increased robustness of the middle floors to
reduce the shortcomings. Lakes is the growth of algae and other water pollution degree of a direct manifestation. In
some cases,even precision instruments can detect certain algae pollutants, we need a good method by experts,and scho-

lars have more attention, Its algae pollution warning, simulation experiments show that its environmental pollution con-

trol is widely used.
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