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Abstract Privacy-preserving data mining is discovering accurate patterns and rules without precise access to the origi-
nal data, This paper focused on privacy-preserving research in the situation of distributed decision-tree mining,and pres-
ented a decision-tree mining algorithm based on homomorphic encryption technology, which can get accurate mining

effect in the premise of no sharing of private information among mining participators. Theoretical analysis and experi-

ment results show that this algorithm can provide good capability of privacy-preserving,accuracy and efficiency.
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