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Monitoring and Dispatching Service for Heterogeneous Big Data Computing Frameworks
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Abstract Various types of large data computing frameworks have their own management methods. The operation of
traditional monitoring and scheduling service in heterogeneous environment is limited by the global status of cluster. It
not only wastes resource of cluster,but also suffers long executive latencies of job. To solve these problems above, this
paper presented an integrated monitoring and dynamic scheduling management service for heterogeneous big data com-
puting framework. The service can monitor multiple types of computing framework automatically and provide integrated
dispatching for diverse computing jobs. The work was implemented on Hadoop and Storm. The experimental results

show that the service can reduce the complexity of manual operation in heterogeneous environment and improve job

scheduling efficiency.
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Fig. 2 Integrated submission process of jobs
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