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Image Multilevel Thresholding Based on PSO with NW Small World Neighborhood

CHEN Zi-yu HE Zhong-shi ZHANG Cheng
(College of Computer Science, Chongqing University, Chongging 400044, China)

Abstract  As for image multilevel thresholding,a novel algorithm was proposed. Adopting relative intra-class variance
instead of absolute intra-class variance, the algorithm improved the segmentation result for small objects with Otsu
method. Introducing NW small world model into particle swarm optimization, the algorithm gained better optimization

performance. Experimental results show that the proposed algorithm was promising and outperformed some existing

techniques.
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