F368 8

Vol. 36 No. 3
Mar. 2009

i 12 TR S

Computer Science

0 o

2009 4 3

E T A FHFEMA A GPLVM &%

EHFEx BEH
(HZBFTHEAFRTIRFER WZ 71007D

 E ANUIERTIEMRRERNMLBEATHOAUTSEF R, 22, 2 - HALETANBFI L, R
HRERBALHM, FRALERREAMEAFTEANZE, Bb, 38— A A 3 508 4048 2 & A A2 18 X FRA 347 AR
8 Jk B AR B A AR AR SRTE L F A, @ LR AR AT R B R A B AN,

Xx@in BMLEREFRY, BT 90, mE LRSS, B Fisher #5547

Weighted GPLVM Algorithm Based on Discriminant Features

WANG Xiumei GAO Xin-bo
(School of Electronic Engineering, Xidian University, Xi’an 710071, China)

Abstract Gaussian process latent variable model (GPLLVM) is a popular manifold method recently proposed for dimen-
sional reduction, However it cannot keep some class structure of datasets for it is an unsupervised learning method. A
weighted GPLVM algorithm will be given using the discriminant features. This algorithm can approve an discrimiant re-
sults and keep good manifold in each class.
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