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Abstract A cluster Support Vector Machines (C-SVM) method for large-scale data set classification was presented to
accelerate speed. Firstly, using function of centre distance calculated radius ratio. Then,data set was scanned by cluster
mirror. By remaining representative data for cluster and installing deleted matrix sample set was remarkably reduced. It

is proved that the new method has lower time complexity. Experiments with random data and UCI databases verify the

efficiency of the C-SVM. Moreover, classification accuracy is gained at adjustment threshold value.
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