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Improved Competitive Hopfield Neural Network for Polygonal Approximation Problem

KUANG Zhang-hui? WANG Jia-hai' ZHOU Ya-lan?
(School of Information Science and Technology,Sun Yat-Sen University, Guangzhou 510006, China)!
(Information Science School,Guangdong University of Business Studies, Guangzhou 510320, China)?
Abstract Polygonal approximation is an important method to detect dominant points and represent curves, An Im-
proved Competitive Hopfield Neural Network (ICHNN) was proposed for polygonal approximation problem. The pro-
posed algorithm reduces research spaces by deleting the collinear points, redefines energy function of the network to re-
present the aim more efficiently,and combines with a merge-split method to help the network escape from the local mini-

ma. The experimental results show that ICHNN is robuster and better than other algorithms such as dominant point de-

tection, competitive Hopfield neural network, and chaotic Hopfield network, genetic algorithm.,
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