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Relations between Particle Division and Population Diversity under Dynamic Environment
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Abstract This article adopted population entropy to portray the diversity of population, analyzed four different algo-
rithms’ diversity of population and the effect of tracking dynamic target. The test result indicated that, under dynamic
environment, the diversity of population maintaining can affect the tracking result. The diversity of population can be

changed by adjusting the division proportion to the different dynamic environments, Different division proportion can be

adopted to get better performance.
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