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Abstract

accurate and time-consuming, using tools to automatically discover these mapping between source ontology and targe

Ontology mapping is the key problem of semantic data integration, discovering these mapping manually is in-

tontology is necessary., We proposed a domain learning-based ontology mapping method which can use domain knowl-
edge and historical mappings to augment the training data and to find the complex mapping rules about the ontology be-
ing matched, so they can be matched better. We also used the semantic information of ontology to optimize the mapping
process in order to decrease the complexity of mapping method. The experiments show the correctness and efficiency of
our solution,
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