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Semantic Service Matchmaking for Autonomic Unit with QeS Constraints
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Abstract Agent service description and matchmaking are the key for providing to efficient and effective services for us-
ers by using agent and multi-agent systems. Considering impact of semantic and quality-of-service on the matchmaking,
an agent service description model for autonomic unit was proposed. On basis of this model,a semantic service match-
making algorithm with QoS constraints was studied detailedly. The proposed algorithm lies over two fundamental
processes: semantic similarity matchmaking and QoS matchmaking, which can efficiently obtain agent service with opti-
mal QoS performance and satisfying the given threshold of semantic similarity.
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