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New Definition of Non-parametric Transform for Stereo Matching
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Abstract A new Non-parametric transform for stereo matching was proposed. In the image, one point and the other one
in a fixed interval on the same scan line were chose, Two windows which center are the two point were chose respective-
ly, the two windows were transform windows and interval windows, the original image was substituted with the differ-
ent of transform windows and interval windows, both of the original lest and right image were transformed into new im-
ages. Stereo matching algorithm was used in transformed images. The experiment result indicates that the proposed al-
gorithm is the more precise matching invariance to certain types of image noise than rank transform and census trans-
form.
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