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Abstract Aiming at the issue of target tracking in hierarchical sensor networks,an algorithm based on dual prediction
mechanism was proposed, which is expected to enhance the tracking accuracy. The sensor nodes perform a Bayes filte-
ring algorithm to predict and update a target position (micro prediction) ,and the cluster headers employ a curvilinear
movement equation to predict the target position (macro prediction), which is used to update the target position mea-
sured by the sensor nodes. Experiment results demonstrate that the proposed algorithm has better tracking accuracy and
energy efficiency.
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