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Novel MAS Algorithm Based on Tensor for Edge Detection

CHEN Liang GUO Lei WANG Ya-ping DU Ya-gin
(College of Automation, Northwestern Polytechnical University, Xi’an 710072 ,China)

Abstract With the parallel and distributed mechanism, as well as the simple and easy implement of each agent, MAS
was employed in edge detection with the feature being defined by the eigenvalue of the strucutre tensor. A novel reactive
MAS framework was proposed which is a extension to its application, A finite status machine was presented. Based on
it, the agent explores the interesting feature and employs some strategies to seeking and propagating which includes
scope enlarging, shifting and mutation of the position. The edge was detected through working together of all agents,

The experiment was designed to improve the effect of the proposed appraoch. It shows that the position of the result
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edge is more accurate and the approach is insensitivity to the noise.
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