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Research and Development of Sequential Pattern Mining (SPMD)

WANG Hu' DING Shi-fei'*?
(School of Computer Science and Technology,China University of Mining and Technology, Xuzhou 221008, China)!
(Key Laboratory of Intelligent Information Processing, Institute of Computing Technology,Chinese Academy of Sciences, Beijing 100080, China)?

Abstract Sequential pattern mining (SPM) is an important research subject of data mining, and used widely in many
application fields. This paper firstly discussed background of sequential pattern minging, then classified it, and intro-
duced as well as compared the features of sequential pattern minging algorithms based on the classificatior. Finally,dis-
cussed the future research on this field so that researchers can do further study.
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