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Improved Classification Algorithm of Domain Ontology

LI Gang QIAN Xing-san YE Chun-ming
(Management Department, Shanghai University for Science and Technology, Shanghai 200093, China)

Abstract Ontology learning technology is still in the exploratory stage. The paper researched the ontology learning
techniques in the field of knowledge production, and proposed a classification algorithm of ontology. As the algorithm
taking into account both the semantic similarity and the structure similarity of the concept,using the "quantitative clas-

sification of value” as the classification standards,experiment shows that the algorithm is more effective than other al-

gorithms,
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