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Abstract
learnt from the Web pages used for training, Although it can get the information accurately, it is hard to be maintained

Many Web information extraction methods are related to wrapper induction. It extracts the items by the rules

when the template of the Web site is changed, as it needs to learn the rules again. In our research, we put forward a new
adaptive Web information extraction, It determines the block which contains all information about the merchandise by u-
sing the keywords of a certain topic, which is based on DOM tree structure. The experiments on a great amount of Web

pages show that our method can not only extract the information efficiently, but also is irrelevant to the site structure,

which can be widely used for many different Web information extractions.
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<tr> <td>

<b><font face=""Verdana, Arial” size= “2”|
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</b>

Author: John

<b> Published : </b> 2004

<b>Price : <strike> 49.99 </strike> </b>
</td> </tr>

</table>
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M 35 BAERAE MEEARX REEHE FHEHE HiEms)
100% o 000 100% o rogl 220
2lcn 100%) 100%(99%) 100%) 99%(98%) 61D
3553 99% 99% 99% 95% 332
(99%) (98%) 99%) 93%) (464)
sdou 100% 98% 100% 96% 136
P 100%)  (97%)  (100%)  (94%) (252
shouii 9% 100% 100% 95% 253
! 99%)  (100%)  (100%)  (95%) (374)
net 9% 100% 98% 95% 152
o 99%)  (100%)  (98%)  (95%) 231
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chaolong 100% 100% 100% 9% 71
chinawj 100% 100% 100% 97% 164
Wib2b 98% 9% 100% 94% 126
wujin, xd55 100% 99% 100% 96% 207
cn, easthardware  99% 98% 100% 95% 54

LRRI , TR 1 b5 B2 R B AT i T SUAF
T DOM R BEA2 B P 05 18 il U7 ek 48 LA 0 R BE
BERMAERR EHA-ENRR. BHEATEN
HTML M RE AR SRS TR MBI L8, W AR E
EERRAEERNCTHRFEENRRY, ARTELE
RERATE DOM A o i B A2k F R BUE A 5615 =B AT .
it EF DOM # B2 K R S5 BHIBUOT R —Fh 53 R4
WK HHEBUOT B, RARRME N .

LRIR  ET DOM W BEAR 5 P TL{5 B B E O e R 3 2

+ 210 -

TR A A B AN A BB R 89 P T 5 BT i —Frfy fb
Y FE. BRI U 3 R 4 P AR R SRR B e
W, RIEWEEAF A DOM #E5H, @il i DOM #
SR REEA X BIATE DOM R b B2, X SE B AR O B
HEHATSAEETRIVFHBKERR. FNIRHE
B B A%, 87 R W R SR e R Z R
B RBEMNZ B MER, REFRETH S EEHRNT
BT ERRBUERFES . HitET DOM WS KM T
& BB R R L R W IER R R R, Ry &
AR BT LA table) bR 46 77 BURT dh 15 8 B9 I35, X3 344 & AR
B BHHRES WA, H It B AR AE R
Y Rt , 7645 i eb 1 7 55 Rl TR BB LA LU W £ B RV BT
.

$ X X W

[1] WongT-L, LamW. Adapting Web Information Extraction Kn -
owledge via Mining Site-Invariant and Site-Dependent Features
[J]. ACM Transactions on Internet Technology,2007,7(1)

[2] Yang Pei, Zheng Qilun, Peng Hong, et al. A Stepwise Learning
Approach to Automatic Discover Interest Data Block[C]// The
third International Conference on Machine Learning and Cyber-
netics(ICMLC). 2004

(3] PER.BREM0.EE, % ETXRBARLAN SEROPT(E
BB, A, 2007,34.213-216

[4] [OLL http: // www. w3. org/DOM/



