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Abstract Abstract Anaphora resolution is a key step in Natural Language Processing (NLP) and a kernel task in many

language engineering applications. This paper analyses some studies of anaphora and coreference resolution in China
and abroad under temporal sequence,discusses all kinds of methods and technologies mainly applying to anaphora and

coreference resolution. Finally,authors briefly set forth the direction of research on Chinese anaphora and coreference

resolution in the future.
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