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Study of Classification Association Rule Mining Algorithm on Rough Set
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Abstract This paper brings up a new classification data mining system algorithm (CARMA) combined attribute reduc-
tion and classification mining of association rule. Based on Rough set theory it divides relation table into several equiva-
. lence class according to attribute values, reduces redundancy attribute and dependence attribute, and then gets strong-
class whose support degree of categories are more than threshold values and strong-characteristic whose confidence de~
gree are more than threshold values from the relation table being reduced data. At last we can get decision-making asso~
ciation rules of strong-characteristic in the strong-class. Its experimentation result makes know that the CARMA data
classification is valid and has higher classification accuracy and efficiency than other method. In this way the redundan-
cy and the complexity of ID3 series algorithm can be reduced effectively, and it gets better classification effect to in-
creasing data. It has widespread application perspective of the most large or increment relation databases mining. The

algorithm, system framework and example are discussed in details,
Keywords Rough set, Attribute reduction, Classification mining, Support degree of category, Confidence degree of

characteristic
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Endif
Next
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End.
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