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Abstract Mining vital nodes/edges has always been a basic problem in Graph Theory. As the study of Complex Net-
works has become more and more hot, especially that there are lots of real-world networks that can be modeled as
Complex Networks, which also have many important properties different from those in the traditional Graph Theory,
e. g small-world property, scale-free property, etc. How to mine vital nodes in Complex Networks has become a new-
born problem. This paper reviews some basic concepts of Complex Networks, summaries and analyses some classic
measures of mining vital nodes in some fields, and predicts some further-studied questions and possible applications.
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HERMELI#EER—TERWE, HhHaR_ERMNIT,
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7E 1998 £E42 44 i) PageRank B 319 #1 Kleinberg ZE[Fl—4F48
WA HITS EEM, 5, BRI 8 RIS MEEE Google
R BBk R B A IR R, AT BB Mg
4. Lempel #il Moran 7E 2000 4E42 1 T SALSA B U1, &=
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Google &5 %, Google MEC LR RN A BN L &IF
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FF B, RN TP B RB T -2 M E. ENENE
LPEBRTHE ANEERE BNTE A WEEERK, MR
BERBHIPRMEE. HT Web FEBHEHNNE LR
B, A ERT AL BRRE— N EALR, BRA N IR K RETS
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R, BREBCRIE 3 iR, ZEE—ME AT R
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Bl BARR BB T35 AL (B0 B RR 5 X 0 4% i 1
TR Xt R4 rb BB BN RO R (D MR AT
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